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Abstract Inthis paper, we propose a network mining framework called NMF that supportsintegration of several link mining
methods and the conventional data mining methods. In recent years, several researches using topological structure of complex
networks represented by link mining have been performed actively. In the literature, although there many link mining methods
exits, these methods have been independently developed in different fields. It is therefore difficult to cooperatively integrate
utilize these link mining methods. In this paper, we propose a framework for network mining called NMF that supports in-
tegration of several link mining methods and the conventional data mining methods. NMF is composed of seven functional
blocks with unified input and output format. By connecting these functional blocks flexibly, the advanced network mining
methods are realizable. In this paper, we also present examples of NMF applications, and show how advanced network mining
methods can be realized using NMF.

Key words Complex Networks, Topological Structure, Framework, Network Mining, Link Mining
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